Novelty Heuristics, Multi-Queue Search, and Portfolios for Numeric Planning
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one search queue for each heuristic

e States now exhibit numeric variables assian value for numeric variable
J 2. (Static) Portfolios

e Conditions are arithmetic expressions of numeric vars  gssign truth value for propositional variable try each configuration with n_heuristics™ of the time limit

e Boundary (B) [4] (Figure also from same reference) Experiments
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